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Fig.2 Simulated digital speckle image
s D and its deformation
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Table 1 Iterative calculation of p in the simulated experiment

p
1 —0.026 09872 —0.08252179 0.016 691 98 0.011711 38 0.001 563 89 —0.079 729 60
2 —0.025846 18 —0.094 804 07 0.019 870 71 0.014 444 67 0. 001 054 87 —0.099 592 85
3 —0.03526239 —0.090124 39 0.020 241 38 0.018 185 55 0. 000 240 53 —0.102 920 30
1 —0.037 44872 —0.088 430 64 0.020415 81 0.018 90533 —0.000 041 24 —0.103 504 50
5 —0.03800894 —0.087 907 64 0.020472 49 0.019 057 69 —0.000 125 35 —0.103 638 00
6 —0.03815408 —0.087 75363 0. 020 488 90 0.019 09344 —0.000 149 77 —0.103672 40
7 —0.03819214 —0.087 70898 0.020493 43 0.019 10241 —0.000 156 80 —0.103 681 90
8 —0.03820225 —0.087696 08 0.020 494 66 0.01910475 —0.000 158 82 —0.103 684 50
9 —0.038 20497 —0.087 692 35 0.020 495 00 0.019 10538 —0.000 159 40 —0.103 685 30
10 —0.03820571 —0.087691 27 0.020 495 09 0.019 10556 —0.000 159 57 —0.103 685 50
11 —0.03820592 —0.087 690 96 0.02049512 0.019 10560 —0.000 159 62 —0.103 685 60
x u oy E,, 3c 3d . , 2
v, 3a 3b . E. E., .
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Fig.3 Caculation results
(a)—2x u; (b)—y v; (¢)—=x E.; (D—y E,
2 E. E, s ’
Table 2 Statistical values of E,, and E,,
’
b
E.. 0.1233 0.102 1 0.100 2
E, —0.2732 —0.276 6 —0.2811
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Abstract: In order to improve the accuracy of tourism competitiveness evaluation, on the basis of
comprehensive consideration of domestic tourism competitiveness evaluation index, tourism
competitiveness is evaluated from five aspects: tourism competitiveness performance, resource
competitiveness, service competitiveness, facility competitiveness and economic support. Taking the
evaluation index weight that affects tourism competitiveness as the input of SVR, and the
comprehensive score of tourism competitiveness as the output of SVR, a tourism competitiveness
evaluation model based on AHP and SVR is proposed. Compared with RBF and BP, the results show
that the accuracy of SVR tourism competitiveness evaluation has been greatly improved, which
provides a new method and way for the evaluation of tourism competitiveness.
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Theoretical and Experimental Study on Subset-Based Digital
Image Correlation
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Abstract: The calculation principle of the digital image-related method based on the image subset was
analyzed, the digital image-related program was realized. The experimental results were given using
the simulated speckle images.

Key words: digital image; image subset; image matching; displacement mapping function; inverse
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